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ABSTRACT

Using data originally report by others, this paper
focuses on the relative merits of three separate statistical
approaches to measuring occupational sex discrimination. The sample
was a national probability sample of 539 women and 993 men.
Demographic factors such as race, sex and age, education, job tenure
and supervisory status served as the predictor variables; annual
income objective and perceived discrimination and various measures of
job satisfaction were the dependent variables. Three statistical
approaches were usad to analyze the data; 1) multiple regression; 2)
automatic interaction detector (AID) and 3) multiple classification
analysis (MCA) determining the power of sex as a predictbr of inconme.
Method two accounted for a higher percentage of the variance in
income than the first approach, showing a greater occupational
discrimination based on sex. The third method accounted for 47% of
the variance in income, somewhat lower compared to the other two
approaches. The results indicate that sex is the third most important
predictor variable of income after occupation and education; moreover
vomen were found to receive lover salarles than men for the same kind
of jobs. (SE)
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Beginning around 1968, ‘a voluminous literature hdé appéared gn.
the subject of occupational sex discrimination (e.g., Cohen, 1971; La

Sorte, 1971; Martin & Poston, 1972; Martin, 1972). Spanning a wide

range of approaches and varying levels of methodological soPhistication;

these research efforts have sought to document sex differences in incomes
and frequently to interpret such income differentials, at least partially,
in terms of sex discrimination. Discrepancies between the incomes of
working men and women are not solely attributable to discrimination,
however, and cautious investigators assess the extent. to which other,
non-discriminatory factors-~-defended as legitimate‘oﬁ ideological
grounds--make a significant contribution to the income differential. We
trust that this caution is exercised here. |

This paper, then, attempts to compare and evaluate several alter-~
native strategies for detecting and measuring occupational sex discrimi-
nation. The paper involves a reanalysis of data originally reported by
Levitin, Quinn and Staines (1971). Usihg their data, the present paper
focuses on the relative marits of three separate approaches to measuring
occupational sex discrimination.

(1) First is the method used by pevitin et al‘ In that analysis,
six variables wvere selected as legitimate predictors of a worker's

income on the basis of the prevailing achievement ideology which
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justifies the allocation of rewards in terms of a persoa's merit or
performance. The six variables chosen were worker's education, amount
of supervisory responsibility, tenure with present employer, tenure on

present job with employer, number of hours worked per week and occupa-

tional pfestige as measured by the Dunchn gcale (Reiss, et al., 1961).
Conventional multiple regression was then used to develop, on a random
half of the male subsample, an equation for predicting income’ from
scores on the six legitimate predictors. The weights for the predictors
in the regression equation were assumed to be the best estimates of how
occupational rewards are distributed according to the achievement
ideology among a population--namely men-~who experience no sex discrimi~
nation. On the basis of ;his same regression equation, the incomes of
womnen were predicted in abcofdance with their scores on the legitimate
predictors. Tne discrepancies between the predicted incomes for women

. . S . . . PR .
(that is, the income they merited in terms of their qualifications) and

the actual incomes that thesé working women were paid indicated the mag-
nitude of the occupational sex discrimination they encountered.

(2) A second method for mezasuring occupational sex discrimina-
tion éeparts only slightly from the first. Since cgnventional multiple
regreséion requires the restrictivé assumptions of linearity and addi-
tivity, it raises the possibility that the multiple R squared represent%d

| an underestimation of the émount of variance in incoms scores that is
} accounted for by the légitimate predictors. An effective way to avoid
these two assumptions is provided by the combination of two statistical

procedures: Automatic Interaction Detector (AID) and Multiple Classifi-

cation Analysis (MCA). AID detects interactions and then facilitates

the construction of pattern variables that represent the interactioms.
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MCA incorporates these pattern or interaction variables and, in addition,

has the capacity to detect curvilinear relationships. Thus the combined

AID-MCA strategy handles both non-additive and non-linear relatioaships

and, when substituted for the conventional multiple regression used in
the first method, provides a more poserful equatioa (i.e., higher R

squared) for predicting incomes on the basis of scores on the legitimate

predictors.

(3) The third method, the examination of sex as a predictor of

income, represents a sharp departure from the previous two approaches.

The whole sample is used to develop a statistical model for predicting

annual income. The set of predictors include the six legitimate varia-

bles, sex, and a range of major demographic variables such as race and

age. The AID-MCA package once again determines how the pPredictors may

be cozbined to provide the best predictions of annual income. According

to the basic idea behind this third method,sex discrimination oa the job

is present to the extent that sex is a powerful predictor of income,

- especially when the other predictor variables are held constant.

Method

Sample

The sample was a national probability sample of Persons who were

living in households, were sixteen years old or older, and were vorking

for pay twenty hours a week or more. Data Were obtained through personal

interviews with all eligible workers in a household. Since each worker

therefore had an equal probability of being selected, the data were self-

weighting. The full sample included 539 women and 933 men. A comparison

between the demographic.and Occupational characteristics of the sample
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and .those of larger-scale government surveys is'presentéd in Quinn
et al. (1971, 25-28).

The analysis reported below excluded three groups of workers:
self-employed workers: part-time workérs,idefined for the first method
as those working 35 hours a week 6r less and, for the secﬁnd,and third
methods, as those working less than 35 hours a veek; ;nd workers who
were seasonally or otherwise irregularly employed during the year.
School teachers were not regarded as seasonally employed. After these

exclusions, the remaining sample consisted of 351 women and 695 men for

the first method and 384 women and 720 men for both the second and third.

For some analyses with the first method, the sample of men was further

randomly divided into two half samples. - .

Measures

(1) Predictors. The predictor variables, listed in Table 1,
represent both demographic variables such as race, sex and age, and
variables that define a worker'’s position om the job such as Supervisory
status and job tenure. |

(2) Annual income. Total annual income from the worker's'primary
job before taxes or other deductions. (Where a worker held more than oné
job all quéstions in the interview were asked with reference to the job
on which the worker sﬁent the greatest number of hours.) -

'(3) Objective discrimination. Objective sex discrimination was
defined operationally as the difference between the iﬁcome each woman
was receiving and the amount she would be expected to receive on the

basis of achievement factors alone.




(4) Perceived discrimination. Each woman was asked, "Do you
feél_in any way discriminated against on your jdb because you are a
woman ?"!

(5) Job satisfaction. Several measures of job satisfaction were
used to measure the possible effects of objective sex discrimination
upon the job-related attitudes of women. These measures were:

(a) satisfaction with the comfort aspe&ts of the job (convenient hours,
pleasant physical surroundings, and demands that were neither heavy nor
Aconflicting); (b) satisfaction with the challenge provided by the job
(opportunity to do interesting, challenging, and self-developing wozxk) ;
(c) satisfactioa with financial rewards (pay, fringe benefits, and job
security); (é) satisfaction with co-workers; and (e) satisfaction with
rasourcas for doing the job (equipment, information, clear assignments,
and competent supervisioa). Also employed in the analyses Qére two meas-
ures of general job satisfaction: for method 1, an index of overall job
satisfaction which included all the 23 items from the five indices ecited

above; and for method 2, an index of general job satisfaction based oa

these 23 items plus several general or content-free measures of job

.

satisfaction.

Procedure
(1) Method 1. As described in the report of Levitin et al., the

first method used coaventional multiple regression upon half the male

P

subsample to build an equation for predicting.income. The independent
variables were education, occupational prestige, working wesek hours,

supervisory status, employer tenure, and job tenure. The incomes for

women were then predicted from this equation and residual scores for
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wonen created by subtracting the predicted income from the actual

income. The mean and distribution of the residuals were determined.

The fesidual scores were first compared for different values on the main
occupational and demographic variables and tﬁen correlated with the mea -
ure of perceived discrimination and the various indices of job satisfac-
tion. 1In addition, MCA was used to determine how effecfively the occupa~
tional variables could preaict the residual scores for women.

(2) Method 2. The second method paralleled the first in many
respects but departed from the original procedure at several important
points; The combined AID-MCA procedure was substituted for multiple
regression in the building, on the whole male subsaﬁpleﬁ, of an equation
to predict incomé'and in the generation of residual income scores for
the women. The set of praedictor variables was identical to the one used
in method 1. Instead of a linear regression equation, the result of the
AID-MCA program was a more powerful prédictive equation.

Used in the combination suggested by Sbnquist (1970) , ATD and
MCA offer a powerful methodology. Taken together, the two computer pro-
grams enable the identification of useful predictors and measurement of
individual and collective relationships of these ﬁredictors to a cri-~
terion variable.

(a) AID. The AID program examines the associations'between predic~
tors and a criterion vériable in an attempt to determine the dichotomous
split, on any~predictor, wbich will yield the greatest reduction of
variance in the criterion scores. Once AID has made this initial
dichotony, it examines each of the two new groups to determine the group,
the predictor, and the split point which account for the largest varia-

tion in the criterion scores. AID makes the best split and then examines

7




.-

each of the existing groups to find the best dichotomization at still a

third level, and a fourth, and a fifth, and so on. With this breakdown

of the sample through such successive AID dichotomizatioas, the analysis

comes to resemble a tree with one trunk,

two major limbs, and increasing

numbers of branches as one nears the tips of the tree. The tree con-

figuration makes it possible to detect interaction effects by noting

different relationships between predictors and criterion appearing in

groups oa different forks of the same branch (i.e., groups of workers

already dichotomized in earlier steps of the AID analysis). If inter-

- _ actions are identified through AID, new predictor variables are con~

structed which incorporate both the main effects and the interactions of

the originz1 va”iables. The AID algorithm, moreover, can handle non-

linear as well as non-additive relationships in the data.

(b) MCA. The MCA program is able to take advantage of the findings
) g

from ATD. MCA resembles a multiple regression using dummy variables,

with a criterion score which consists of the sum of a series of main f
effects. These main effects are coefficients associated with membership

in a particular respohse category'of each predictor. The program thus
handles curvilinear relationships since the distribution of coefficients

may be curvilinear for any particular predictor. MCA is limited, how- e

ever, by the assumption that the effects of the predictor variables on

the criterion are strictly additive. That is, it assumes that there are

no interactions among the predictors. Yet the AID findings concerning

interaction may be applied to the MCA procedure. The interactioa terms

(or pattern variables) developed with AID may be included in the roster

: of additive components that are used in the final MCA analysis, in which

case the original predictors on which the interaction terms vwere based

ERIC 8




must be excluded from the MCA analysis. If, oa the qther hand, ﬁo
substantial interactions are identified, no interaction terms are con-
structed for the MCA analysis and the MCA may proceed under the assump-
tion that the relationships in the data between the predictbrs and the
criterion are strictly additive.

(c) AID-MCA combination. Clearly, the joint use of AID and MCA
éﬁtains the advantages of both while compensating for weaknesses in the
. othe;. The resulting model permits curvilinear relations on the basis‘
of the MCA and non-additive or interactive relations oa the basis of the
AID, with the result that the model is more powerful than analogous
methodologies such as conventional multiple regression which requires
restrictive assumptions regarding linearity and additivity.

Although methods 1 and 2 employ different procedures fér

generating residual incomes scores for women, the subsequent search for
corralates of thé‘residuals followed almost identical paths for the two
methods. Certain slight variations in procedure were permitted and
these are noted in a later section.

(3) Mefhod 3. The third approach to studying occupational sex
discrimination bears little resemblance to the previous two. The main
idea is simply to detefmine the power of sex as a predictor of income in
comparison to legitimaLe predictors and other non-legitimate predictors;
The sample used contains both men and women. Tﬁe,predictprs, listed in
Table'l, include major demographic and occupational wvariables. The AID-
MCA strategy was again employed to build the statistical model for |

predicting income.




‘Results &

(1) Method 1. The details of the multiple regression procadure _
are presented in Table 2. For the first random half-sample of men,
multiple R = 0.55 (unadjustéd) and 0.53 (adjusted). Thé'highest beta

weights belong to 2ducation (beta equals 0.28) and occupafion (beta

. equals 0.20).

The mean of the observed minus expected discrepancy in total

annual income for women was -$3,459 (SD = $2,200; n = 323). The distri-

bution of these residuals appears graphically in Figure 1. The figure
indicates that 50.3% of the women in this sample had total annual income
discrepancies ranging from -$3,000 through -$5,999; and the mean annual
income of 2%4.9% of the women_w;s'less than the amount they shoﬁld have
received on the basis of the achievemenﬁ criteria.

Tne income discrepancies were not expected to be distributed
equally throughout the éopulation of working women. To determine tﬁe
demographic and'occupationél distributions of reward inequali;ies; the
sample of women was.divided into (a) those with total annual income dis-
crepancies that were positive (i.e., indicative of fa&oritisno, zero, or
had negative values ranging between -$1 through -$3,499 and (b) thége
with diécrepancies of -$3,500 or mora. The percentages of women in the
latter higher income discreéancy category are éresented in Table 3A for
selécted demographic and occupational classifications.

Table 3A reQeals, for the demographic variables, a non-

. significant tendency for white women to have higher discrepancy scores

than black women. The association between age and discrepancy scores

was curvilinear, with both the youngest (16-29 years old) and oldest
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(55 years old of older) women being more likely than women of other ages
to have high discrepancy scores.

Among occupations, discrimination as reflected in the incéme
differentials was greatest among white collar workers; those employed ié‘
professional, technical, managerial, clerical, and sales ﬁﬁrk; those in
trade, service, finance, insurancé, aﬁd rzal estate; those who did not

‘ belong to a union; and those in comparatively small establishments (i.e.,
~where less than 500 employees worked). In view of the obvious éorrela—
tions among the five occupational variables, MCA was used to determine
which of the variables werzs more closely related torthe income discrepan-
cies when the effects of the other variables were reéoved. The multiple
R bestween the five occupational predictors and the income discrepancies
was .52 (adjusted). The beta weights of the five predictors were .53
for major occupational group, .24 for mgjor industry group, .19 for siie
of place of employment, .15 for union membership, and .12 for collar
color. Tne form of the relationship between each preéictor and the
adjusted mean discrepancies did not differ from the first-order relation-

ships as suggested in Table 3A.

Few other variables were correlated significantly with the
residual scores. While most women experienced objective discriminatioﬁ
as indicated by their residual scores, only 7.9% reported differential
treatment when asked, "Do you feel in any way discriminated against on
your job because you are a woman?'" Furthermore, perceivaa sex discrimi~
nation was not significantly associated with the discrepancy scores.
Thus objective discrimination was measured by method 1 is unrelated to

L perceived discrimination. Table 4 shows the correlations between objec-

tive discrimination and attraction to the job as reflected in several

11 | |
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job satisfaction measures. Women who were most economically discrimi-~

nated against were significantly more likely than others to be dissatisg-

fied with the financial aspects of their jobs. Otherwise, there was no

significant association between objective discriminatioa and job satis-~

faction.

(2) Method 2. Since the results for methods 1 and 2 vere quite

similar, only the slight differences in their findings need be ampha-

sized. Table 2 presents the results of the AID-MCA procedure when it

was applied to the whole male subsample with income as the dependent

variable. Multiple R (adjusted) for the MCA was 0.57 compared to 0.53

(adjusted) for the regression multiple R. Both multiple regression and

AID-MCA computed beta veights for each of the six legitimate predictors.

Though the overall pattern was similar, the AID

larger and ona predictor--job tenure--which proved useless in the regres-

sion equation (beta was 0.01) was the fifth most important predictor

(beta was 0.11).

Methods 1 and 2 generated similar findings when the residuals

were designated as the dependent variable. With method 2, the mean dis-

crepancy was -$3,416 (SD = $2,230; n = 352) compared to -$3,459 for

method 1--a difference of $43. The distribution of residuals for

method 2 appears in Figure 1 and closely resembles the original distribu-

tion for method 1.

As presented in Table 3B, the demographic and occupational dis-

tributions of the residuals for mzthod 2 again followed the pattern of

method 1. 'Two additional illegitimate variables thought to affect
women's earnings--marital status and number of children--were added to

the list of demographic variables for method 2. Although the

12
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differences were not statistically significant, singie women appeared
to suffer more economic discrimination than women in other marital cate-
gories; and women who were the major source of support for one or more

" children tended to exgerignce more discrimination than womesn who did not
have to support children.

With method 2, the correlations between objective discrimination
oa the one hand and measures of perceived discrimination and job satis~-
faction on the other were again non-significant except for a low corre-

'lation (r = 0.20, p < 0.01) between residual scores and dissatisfaction
with financial aspects of the job.

(3) Method 3. The statistical model based on AID;MCA and
designed to predict the incomes of men and women accodntéd for almost
half the variznce of incoﬁé.l Multiple R? was 0.47 (p < 0.01) wheﬁ‘

adjusted to correct for capitalizatioa on chance in fitting the model.

Full details on the MCA including muitiple R appear in Table 5. The
model involved only additive relations since AID detecteé no inter-
actions; yet the MCA did take curvilinear réiationships into accohnt:
Sex proved to be an important predictor of income. Table 6
shows that being male adds a coéfficient of $976 to the sample ;ean;
being female subtraéts $1,847 from that mean. According to both meas~
ures of the importance of predictors--eta squared and béta ;quared—-sex

[ " is the third most important variable in a-list of fifteen variables. In

both cases only occupation and education surpass sex in predictive power.

Full details of the eta-coefficients which show hos single independent

«

vﬁriables relate to income, and the beta-cozfficients, with their built-

in adjustment. for multi-collinearity, are presented in Table 7.

o 13
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Discussion

(1) and (2). Metﬁods‘l and 2. Wnereas method 3 represents a
wholly different approéch, the findings of methods 1 and 2 bear direct
comparison. There were several minor ways in which the ﬁfocedures for.
methods 1 and 2 were not strictly comparable. Although these variations
were not thought to have any substantive impaét, they should be noted #t
the outset:

(a) Methodbl excluded as part time employees those workers who worked
35 hours per week. Method 2 (and method 3) included these workers in the
sample for analysis. Methods 1 and 2 were therefore applied to slightly
different samples: method 1 (695 men, 351 women), methods 2 and 3 (720
men, 384 women) .

(b) For method 1, the general measure of job satisfaction was an
index based on 23 items about specific components of the job. With’
method 2, the general measure was a combination of this 23 item index
plus several content-free questions designed to measure overall job
satisfaction.

(c¢) With method 1, the regression equation was developed on a random
half-sample of the men. The remaining half-sample was thereby made
available for cross-validation. For method 2, this additional step was
not taken and the equation generated by AID-MCA was based on the fu11
male subsample.

The major-difference between methods 1 and 2 lay in the power of
the analytical techniques used. Method 1 used conventional multiple
regression on (half) the male subsample to build an equation for predict-

ing income. Method 2 used the AID-MCA strategy. To the extent that the
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legitimate predictors were related to the income scores for men by
curvilinear and interactive (or non-additive) relationships, AID*MCA was
able to create a more powerful predictive equation. In this instaﬁce,
however,AID failed to detect any interactions and hence the assumption
of additivity that is required for conventi&ﬁal mﬁitiple’regression
proved to be unobjectionable. MCA, neverfheless, did detect curvilinear
relationships and thus RZ for MCA (0.57, adjusted) exceeded the R2 for
conventional multiple regiession (0.53, adjusted), a technique that is
predié%ed upon the assumption of linearity. S;nce'MCA detected a more
powerful relationship between the legitimate predict&rs and income, it
could attribute more of the variance of income to legitimate factors.
Speéifically, when MCA is compared to multiple regression it .attributes
more of the gap between male and female incomes to legitimate factors.
It thus produces a lower estimate of objeétive discrimination. But
perhaps what is most striking about the:compatison between multiple
regression and AID-MCA is how little the more sophistici%ed strategy
modifies the original findings. The assumption of additivity entails no
loss in predictive power; and the assuﬁption of curvilinearity alters
the estimate of (average) annual discrimination against ﬁorking women by
only $43.

Method 2 clearly provides a more accurate estimate of objective
job discrimination than method 1--but how accurate, in absolute terms,
is‘method 2?7 1In all likelihood, method 2 exaggerates, at least to a
small degree, the amount of objective discrimination experiencad by work-
ing women. It may be argued, that’is, that the method fails to detect

all the variance of income that the six selected (legitimate) variables

5)
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can explain. Ideally- the prevailing achievement ideology would be bast

represented by direct measures of employee performance, both the quality

and quantity of work completed. Yet it has not yet been feasible to
devise for usé in surveys either direct measures of performance oxr direcf
measures of an individualfs abilities and skills. Iﬁ the.absence of
conplete and direct measures of the achievement ideology, less‘airect
measures such as education and experience were substltuted. In conse- *
.quence, the association between legitimate predictﬁrs and incomz was
probably underestimated; and thus the estimate of objective sex discrimi-
nation based on the residuals was undoubtedly foo nigh but not, it would
seem, by very much. ‘

(3) Mathod 3. Several general pfbperties of the statistical
model developed are critical to understanding its implications for sex:
discrimination.

(2) The model accounts for xoughly half the variance of income~-

49.87% (unadjusted) and 46.9% (adjusted). The remaining variance must be

attributed to factors outside the model including, possibly, performance
on the job (very difficult to compare across occupations), geographical
region of the country and dwelling area (urban versus subﬁrban versus
rural).

(b) The statistical power of‘ﬁhe model was enhanced by its capacity
to incorporate both non-additive and non-linear relationships between

4

the predlctorskgf income. The AID program detected no interactioas,

however, and the non-additive feature of the model was not required.

But the MGA program did detect noa-linear relationships between income,

the criterion variable, and various predictors--whether ordinal vari-

ables such as age or nominal variables such as occupation and industry.

~Emc 16
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(c) Importaﬁce of pfediétors is not a simple notion and, for method
3, two separate measures of importance wére employed. First was the eta
coefficient, a.correlation ratio computed instead of the product moment
correlation when curvilinearity is anticipated in the data. When
squarad, eta indicated the proportion of income variance accounted for
by the predictors coﬁsidered singly, with no adjustments made_for the
concurrent effects of other prediétors. Eta therefore represented only
the first order correlatioa between the criterion and each of the predic-
tors considered separately. Second was the beta coefficient which, when
squared, indicated the relative importance of each predictor with the
effects of other predictors held constant.. Computation of betas incor-
porated an adjustment for the extent to which any one predictor was
correlated with another. vTﬁé eta and beta cozfficients, the former
always iarger than the latter if interdependence amoﬁg predictors exists,
thus provided different but complementary information. .Table 7 presents
the eta and beta coefficients for each predictor and indicatés the rank
of each predictor in terms of its eta or beta, low numbered rank (e.g.,

1) representing a large eta or beta.

The finding that sex is an important predictor of income
suggests the widespreaa-prgsence of occupational sex discrimination. In
both the eta squared aﬁd‘beta squared rank orderings,vsex is the third .
[ most important predictor of income, surpassed oaly by occupation and
education. Of the 49.8% (unadjusted) of the variance accounted for, sex

explains 16% when examined on its own; when other predictors are held

) . i
coastant , the best estimate of the variance sex accounts for is beta

squared or 7%. While it demonstrates that sex, an illegitimate

-3
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_ conclusions of method 3 lack the neatness and convenience of the findings

17

predictor, determines in large degree the*iﬁgzma a person earns,
method 3 offers no precise estimate of the amount of sex discriminatioa

experienced by any oae woman or even any group of women. Although the

from methods 1 and 2, the results of all three methods suggest that

oo™
American working women experience widespread and sizeable sex discrimina-

tion.

Whafever the analytical mé;hod used, occupational sex discrimina-
tion is pervasive in the USA. According to method 1‘whiéh assumed that
the relationships between achievement factors and amual iﬁdome uere

linear and additive, the average American working woman receives $3,459
less than 2 comparably qualified man. Method 2 permitted these relation-.
ships to be non-linear and non-additive but the estimate of discrimina-

tion dropped only $43 to $3,416. WMethod 3 established thét, after occu-

pation and education, sex is the most powerful predictor of annual

income.
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TABLE 1

LIST OF PREDICTORS

- 10.

11.
12.
13.

14,

15‘

Education--(What is the worker's education level?)

OccupationaiHSEéfﬁs??(Wﬁét1is the occupational status of the
worker's job as measured by the Duncan Decile Scale?)

Working Week Hours--(Total number of hours worked per week on
primary job) ' ‘

Supervisory Status--(Does worker supervise anyone ?)
Employee Tenure--(How long worker has been with present employer?)

Job Tenure--(How long has worker been on present job?)

‘Réce--(Is worker white or black?)

Age

Wnite Collar-Blue Colléi——(Is the ﬁorker a white-collar employee or
blue-collar employee?)

Census Occupation Classification Code~-(Taken from the 1960 Census
of Population Alphabetical Index of Occupations and Industries
~-A gross division of workers by occupational group)

SIC Industry Divisions-~-(A gross division of workers by industry)

Union Membership~-(Does worker belong to a union?)

Marital Status

Number of children major support--(For what number of children is
the worker the major source of support?)

Sex
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TABLE- 3A

; PERCENTAGE OF WOMEN IN SELECTED DEMOGRAPHIC AND OCCUPATIONAL CATEGORIES
‘- WITH TOTAL ANNUAL INCOME DISCREPANCIES OF -$3, 500 OR MORE
(METHOD 1)
Damographic or Percent- Base af x2 Signifi-
Occupational Category age n cance
Race
Wnite 52.6 279
Black b 39.4 - 38 1 1.838  N.s.
Age
16-29 years old 58.4 120
30-44 years old . 42.1 95
45-54 years old 49.2 63 '
55 years old or older 55.8 43 3 7.848 p < .05
Collar color®
White collar 66.7 - 213 o
Blue coliar 20.9 110 1  58.962 p < .001
Occupztional group
Professionzl, technical
and managerial 70.3 74
Clerical and sales 64.7 139
Operatives and kindred
workers 15.2 59
Service workers, excluding
. private housenold workers 30.4 46 3 65.465 p < .001
Industry groupc
Manufacturing - 27.3 73
Wholesale and retail trade 65.8 73
Finznce, insurance, and
real estate 63.3 30
Services 57.4 115 3 26.107 p <.001
Union membership
Worker belongs to a union 36.9 84
Worker does not belong to :
a union - 56.1 239 1 8.383 p<.01
Number of workers at worker's
place of employment
( \ 49 or less " 58.4 137
; 50 0499 55.9 - 102 )
g 500 or more 34.8 69 2 11.051 N.S. 1

L 2Farm workers were excludad.

' Managerial workers (n=19) were combined with professional and
technical workers (n=55). Sales workers (n=17) were combined with cleri-
cal workers (n=122) . Otherwise, occupational groups with less than 30
women were omitted from table and computations.

Industry groups with less than 3 women were omitted from table
and computations.




TABLE 3B

PERCENTAGE OF WOMEN IN SELECTED DEMOGRAPHIC AND OCCUPATIONAL CATEGORIES
WITH TOTAL ANNUAL INCOME DISCREPANCIES 0T ~-$3,500 OR MORE

(MZTHOD 2)
Demographic or Percent~ Base 2 Signifi-~
Occupational Category age n df X cance
Race , v
White 49.0 150 e
Black 34.1 14 1 2.640 N.S.
Age '
» 16-29 years old 51.5 67
30-44 years old 35.9 37
45-54 years old 44.9 31 :
55 years old or older 64.6 31 3 - 12.188 p < .01
Collar color? ,
White collar _ 57.7 135
Blue collar . , 26.3 31 1 29.831 p < .001
Occupational group
Professional, technical
and mansagerial 72.4 * .55
Clerical and sales 50.6 89
Operatives and kindred '
workars . 19.4 12
Service workers, excluding ’
privzte household workers 32.0 16 3 43.997 p < .001
Industry group
Manufacturing 22.5 18
Wnolesale and retail trade 55.0 44
Finance, insurance, and
real estate 51.5 17 .
Services ) 58.4 73 3 27.996 p < .001
Union membership
Worker belongs to a union 37.1 133
Worker does not belong
to a union 50.6 130 1 4.331 p < .05
Marital status
Single 53.0 35
Married 48.3 101
Widowed . 45.5 10
Separated 26.7 & ‘
Divorced 40.0 156 4  44.403 N.S.
Number of children major
support for
Zero 46.2 135
v One 53.8 14 . o
' Two 47.1 8 ' e
Three 60.0 3
Four and above 44.4 4 4 0.921 N.S.

8Farm workers were excluded.
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TABLE 5

UNADJUSTED AND ADJUSTED R AND R2 FOR BOTH STATISTICAL PROCEDURES

Unad justed Adjusted
R RZ2 R R2
AID ‘ 0.688 0.474 _— —
MCA 0.706 0.498 0.685 0.469

Number of cases = 972




TABLE 6

COEFFICIENTS FOR MALES AND FEMALES USED TO PREDICT INCOME

Self Weighting

e ient
Co ffiflen N
Male 947 636
Female ~1,847 336




EFFECT OF PREDICTOR VARIABLES IN EXPLAINING A WORKER'S INCOME

TABLE 7

- (FROM THE MULTIPLE CLASSIFICATION ANALYSIS)

Impbrtance
Taken : Importance .
Singularly Rank Tgken ?ogether Rank
Eta Squared eta Squared
Census- Occupation
Class Code .189 1. .081 2
" Education .184 2 .133 1
Sex .161 3 .072 3
Workirg Week Hours .121 4 .036 S
Superviss Anyone .101 5 .003 . 12 -
Number of Children .
'~ Supported .092 6 .011 9
Duncan Decile--
Collar Status .081 7 - 021 7
Age .045 7 .003 7
“Employef Tenure .047 9 .026 6
Marital Status -040 10 .003 12
Wnite Collar-Blue Collar .038 11 .055 4
Job Tenure .024 12 .011 9
SIC Industrial Divisions .011 13 .010 11
Race .007 14 .0C0 14
Union Membership .000 15 ~.000 14

Unadjusted R?
Adjusted R?
Number of Cases

hn

.498
.469
= 972
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